Abstract., This paper investigate how motion between two images is affecting the reconstruction process of the KLT algorithm which we used to convert 2D images to 3D model. The reconstruction process is carried out using a single calibrated camera and an algorithm based on only two views of a scene, the SFM technique based on detecting the correspondence points between the two images, and the Epipolar inliers. Using the KLT algorithm with structure from motion method shows the incompatibility of it with the widely-spaced images. Also, the ability of reducing the rate of reprojection error by removing the images that have the biggest rate of error. The experimental results are consisting from three stages. The first stage is done by using a scene with soft surfaces, the performance of the algorithm shows some deficiencies with the soft surfaces which are have few details. The second stage is done by using different scene with objects which have more details and rough surfaces, the algorithm results become more accurate than the first scene. The third stage is done by using the first scene of the first stage but after adding more details for surface of the ball to motivate the algorithm to detect more points, the results become more accurate than the results of the first stage. The experiments are showing the performance of the algorithm with different scenes and demonstrate the way of improving the algorithm where it found more points from images, so it builds more accurate 3D model.
The way that the mind behavior to generate the 3D model from the real world are considered as a base to compute the 3D geometry from 2D geometry or the structure from motion. The nonlinear approach is a technique which is employ this behavior to recover the structure and motion by minimize the value of the nonlinear cost function [2] .
3.
Challenges Facing Conversion Techniques. The challenges facing the techniques of conversion from the twodimensional model to the three-dimensional model are divided into two groups. The first group covers every algorithm and several problems which must be solved by applying these algorithms. The second group of challenges involves specific types of algorithms considered to be high quality conversion techniques.
The first group of challenges includes three tasks which are solvable with every conversion algorithm. These tasks include [3] [4]:
-Apportionment of depth.
-Check of convenient disparity -Padding of the exposed regions The second group (as shown below) of these challenges could be named as typical problems, which require high quality conversion algorithms in order to execute them. Those problems such as:
-Semi-transparent objects (glass) In fact, after the camera captures any scene, we obtain a 2D image coordinate from 3D points (scene coordinates) [6] 6. Camera Calibration. Camera calibration is the process of estimating the internal camera parameter (intrinsic parameter) that relates the direction of rays through the optical center to coordinates on the image plane. The importance of the internal camera parameter lies in the need for building 3D models of the world using a camera with a known intrinsic parameter [6] .
STATE-OF-THE-ART.
The procedure of obtaining structure from a set of images began in the 1980s [7] [8] [9] [10] . Normally, structure from motion is initially approached by placing a set of obvious characteristics that are found in two image structures. This is commonly denoted as the correspondence problem solution. Then, the proportional motion of these characteristic correspondences is given the structure of the environment [11] . The conventional estimation of structure from motion mostly uses two images obtained from a single camera to slant the field of view of [12] [13] [14] The problem with this technique is that the results mostly are not good enough due to the sensitivity of the second step to the incipient guess and the difficulty of obtaining an accurate incipient estimate from the first step.
In order overcome this problem, Zhengyou
Zhang proposed an approach by imposing the fundamental matrix (zero-determinant constraint). Unlike [18] , Frank et al [19] introduced another technique by using the structure from motion without correspondence.
This method exceeded the traditional techniques that require the presence of a known correspondence point [12] or calibrated images from a known camera viewpoint [13] or known shape [14] . Furthermore, this method deals with non-sequential images which are taken from vastly different viewpoints.
Masahiro [15] introduced a method of using the structure from motion in map reconstruction. This method was a system of three-dimensional simultaneous localization and mapping (SLAM), which is based on the SFM scheme. The steps of this method are as follows:
The first step considers the three-dimensional SLAM as a set of images obtained from a monocular camera. The three-dimensional map is represented as three-dimensional points from the feature points tracked through the set of images. The second step occurs based on KANADE-LUCAS-TOMASI [16] . The third step occurs by using the factorization method [17] .
The precision and robustness of this method is based on the selection of the baseline distance, so the proper baseline selection depends on standards for object shape reconstruction and the camera pose estimation. This process is carried out by using the KLT algorithm (KANADE-LUCAS-TOMASI) [24] . The goal of this algorithm is to find the specific location of a specific point in the second image according to the first image.
This is achieved with the following equation:
̅ ̅
Computing the Fundamental Matrix.
The computation of the fundamental matrix from the correspondence points which are detected is the first step, the next equation is used to compute the fundamental matrix F:
Where and represents corresponding points of a pair images.  RAM: 4.00 GB.
The input images were obtained from a digital camera (NX3000) equipped with:
 16-50 mm Power Zoom Lens.
 1/4000 sec Shutter Speed.
All experiments were carried out using the MATLAB R2015b software package. The methodology of the paper was based on the technique of "structure from motion "using KLT algorithm, but by using a single calibrated camera with the camera calibration application in MATLAB and by obtaining two views of the scene with a little motion for the second view. The algorithm that will create the three-dimensional model of the scene, from a pair of two-dimensional images following several steps, as the next section shows.
-The first step is carried out by loading a pair of images of the scene obtained by using the above camera. 
The unit of the reprojection error in pixel, so less than one it will be acceptable rate as shown in figure 2. Focal length [3.9,3.9] Principal Point [2.7,1.85] Fund. Matrix In our method we used different types of scenes in order to demonstrate the behavior of the algorithm. The numbers of threedimensional points, which are the algorithm obtained from the first scene (figure 3), are 19333 points. After adding more details to the first scene, and by using the same algorithm (figure 17), the numbers of three-dimensional points are increased from 19333 points to 22195 points. In the second test we are using different scene (figure 10), which is have more colors and details, the result of using such a scene was obtaining more 3D points. Where the numbers of 3D points are increased from 22195 points to 59413 points. Next three tables are clarifying all those results which were carried out from the three tests. [20] in their method were added more points in order to reduce the rate of error, where the approach of the proposed method in this paper is motivate the algorithm to obtain more matched points by using scenes rich in details.
The limitations of the previous algorithm were found in the fourth step of the feature detection, where the KLT algorithm will not work probably if the space between the obtained images is too great (Figure 10) . Next, the tracker features had some difficulties detecting the soft surfaces in the scene ( Figure  6 ), so we added some details to this surface in order to motivate the algorithm to detect more matching points (Figure 17) . Then, the same steps which mentioned above were executed.
As the final result of the third test shown in the figures 23 A, B, the algorithm detects more points and reconstruct new model with more points.
The second test was carried out by using a different scene (Figure 10 ), after executing the algorithm, the results were more accurate than the first test due to the details of the scene which was had more colors than the first scene (figure 3).
Conclusion:
In this paper, we concentrated on the KLT algorithm based on two views. 
